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Today’s Presenter

Prat Moghe

CEQO, Promethium
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Prat Moghe is a thought leader in data and analytics and serves
as the CEO of Promethium.ai - the instant data fabric platform.
He is a successful serial founder and CEO/GM with experience
scaling multiple startups and public companies. Prior to
Promethium, his roles include EVP at Cloudera, Founder/CEQO at
Cazena, and SVP at IBM Netezza.

Prat has over 20 patents and holds a Ph.D. from UCLA in

Electrical Engineering.
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The Al Promise: Ask Questions, Get Answers

“Why did churn spike in
EMEA last quarter?”

“Which products are
driving the most margin

- in retail vs online?”

“What’s our pipeline

coverage for 04 across
regions?”

The business expects agents to just work!
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A Cambrian Explosion of "Talk to Your Data” Agents

Data Platforms Catalogs Bl Tools Applications LLMs
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In reality, each agent has access to only a subset of data and context!
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The Al Disconnect: POC’s vs Production

16%

Share of Al-generated answers to open ended
questions in enterprises settings that are good
enough for decision making.

95%

Share of enterprise Al pilots that fail to
generate meaningful ROL.

60%

Share of Al Projects that will fail due to missing
Al-ready data management practices.

Sources: BIRD Interactive Framework, MIT Project Nanda, Gartner, Nortal.
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70%

Share of Al projects where missing or bad data is
identified as the root cause of failure.



The Enterprise Architecture Disconnect
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The Al Insights Fabric: Open Agentic Analytics
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Al Insights Fabric Architecture

Business Apps Bl Tools Agents

Mantra Al Insights Fabric

Dj Answer Agent Personalized for self-service
£
g%j 360° Context Hub Insights Graph with unified context engineering
Security
Governance
& Compliance Universal Query Engine Live federated zero copy access to all data

Data Sources (On Premise, Cloud, Hybrid)

Data Lakes Data Relational Applications
Warehouses Databases
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Multi-dimensional Context Graph for Insight
Decisioning

Accuracy

A

Metrics,
— Rules,
Glossary, o Measures,
Certified Data, G Policies,
0P Joins, - Golden Que.ries, Ontologies
Constraints OSSR
Schema, Tables,
Columns
Level 1 Level 2 Level 3 Level 4 Level 5
Raw Technical Relationships Catalog & Business Semantic Layer Tribal Knowledge &
Metadata Definitions Memory
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Mantra Insights Graph

User-Intent-Data-Context Driven
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Mantra: Accurate Insights at Scale

Accuracy

With Promethium  =\Nithout Promethium
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Time & Cost
of Context Engineering
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Claude Asks Mantra to Generate Claims Report

Average Claim Amounts by Coverage Type

ask mantra to compare the average claim amounts by coverage type and Comparison of mean claim amounts across all coverage categories

show the results in a table and chart
$16,000

$14,000
Il start by loading the Mantra tool to make this query. 612,000

Searched available tools > $10.000

Now let me ask Mantra to compare average claim amounts by coverage type. $8.000

Ask mantra > $6,000

Good, Mantra has generated the SQL. Let me execute it to get the data. $4,000

Execute query > $2,000 -
$0

I have the results. Let me now create a table and chatt for you.

Commelmalpmpi mmelc\’\\C ~eneral Liability Homeowﬂe‘ \Workers COmpel’\S'i“O Auto Liability
Average Claim Amounts by Coverage Type %
Interactive artifact
Here are the results from Mantra. A few key takeaways: Coverage Type Avg Claim Amount  Distribution

Commercial Property leads with the highest average claim amount at $14,200, followed
closely by Commercial General Liability ($11,575), Homeowners ($11,437.50), and
Workers Compensation ($11,200) — all clustered in a similar range. ® Commercial General Liability $11,575.00

® Commercial Property $14,200.00

Auto Liability stands out as significantly lower at $2,386.67, roughly one-sixth of the top
category. This suggests auto claims tend to be much smaller in severity compared to
property and liability claims. ® Workers Compensation $11,200.00

® Homeowners $11,437.50

The chart and table above give you both a visual comparison and the exact figures. Would
you like to drill deeper into any particular coverage type?

@ Auto Liability $2,386.67
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Expla

ble and Validated Answers

ent.preview.promethium.ai e O h + O
. . . .
Profitable Policies Lineage
Datamap: (unsaved)
Results sQL Lineage m Save
=) preview-sales-agent.preview.promethium.ai ¢ @ (I] =+ @ sf_ins > B8 Data Answer @
o
E8 CUSTOMERS What are the most profitable o
2 What are the most profitable policies? ingfuding custom... Workspace v Synced eD licies? including ct name
and coverage type
Datamap: (unsaved)
Results SQL  Lineage m =
sf_ins >
1 SELECT - ° 8 COVERAGE_TYPES
2 p.POLICY_ID,
COALESCE(c.COMPANY_NAME, CONCAT(c.FIRST_NAME, ' ', c.LAST_NAME)) AS CUSTOMER_NAME, '
ct.COVERAGE_NAME,
what are the most profitable policies? including customer name and d_ratio) AS best_combined_ratio
coverage type ql.ins_fin.policy_monthly_financials f
ns.INSURANCE_OPS.POLICIES p
ON f.policy_id = p.POLICY_ID ins_sql > |
) JOIN sf_ins.INSURANCE_OPS. TOMERS ¢ ° —
) ON p.CUSTOMER_ID = c.CUSTOMER_ID 8 policy_monthly_financials
I've created a query to identify the most profitable insurance policies : o o G e I
" ON p.COVERAGE_TYPE_ID = ct.COVERAGE_TYPE_ID
including customer names and coverage types. WHERE f.combined_ratio < 1.0
GROUP BY p.POLICY_ID, c.COMPANY_NAME, c.FIRST_NAME, c.LAST_NAME, ct.COVERAGE_NAME
ORDER BY best_combined_ratio ASC

How it works:
LIMIT 100

. The query joins policy financials with policy details, customer information,
and coverage types.
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X 1| Profitable Policy [Combined Ratio] 1.0 v | Properties » Data
N — SR
CREATED_DATE
CLAIMS
E] 7 EARNED_PREMIUM v General Tables Model
2. ACTUAL_LOSS o 2 EXPENSE_RATIO
ATTORNEY_INVOLVED T EINANCIAL ID Name
2. CLAIM_ADJUSTER_ID Collapse Q Search
CLAIM_DESCRIPTION Profitable Policy
o Ll *  camip ad 1 v B ins_fin.policy_monthly_financials
CLAIM NUMBER (&) coverace_TvpEs
N Description > case_reserves
CLAIM_STATUS_ID COVERAGE_CATEGORY
€9 CLOSED_DATE b COVERAGE_NAME Profitable policy is defined as combined_ratio 2 claim_count
CREATED DATE COVERAGE _TYPE ID i i i i i
e _TYRES (2] poLicy RenEwALS less than 1.0 from pollcy_molnthly_ﬁnanaals B Combined Ratio
P CREATED DATE _ bl
CREATED_DATE table . )
DESCRIPTION > combined_ratio
¥ ORIGINAL_POLICY_ID (@
1 1S_ACTIVE .
2 PREMIUM_CHANGE_PERCENT ) Z commission expense
Coll. o~ .
(&) customers (8] pouicies - ollapse ; REASON_FOR_NON_RENEWAL Display folder
- & created_date
RENEWAL_DATE < . —
ADDRESS_LINET AGENTID - : Enter the display folder
ADDRESS_LINE2 ¥ ANNUAL_PREMIUM o Z RENEWAL ID 2_ days_in_force
ary 5 COVERAGE LIMIT (8) ins.fin.policy. monthy.... - RENEWAL STATUS . -
COMPANY_NAME COVERAGE_TYPE_ID * 1 . case reserves % RENEWED_POLICY_ID Is hidden > earned_premium
11wk 1 2 claim_count RETENTIAN FFEMRTS .
COUNTRY [ CREATED_DATE - ‘ . [E)’: Expense Ratio
CREATED_DATE CUSTOMER_ID - B Combined Ratio (: ) No
T CREDIT SCORE ¥ DEDUCTIBLE : Z combined ratio > expense_ratio
CUSTOMER_ID EFFECTIVE_DATE 2 commission_expense .
[Ei Loss Ratio
CUSTOMER SINCE EXPIRATION DATE -~ ) created_date Y Formatting
Collapse ~ Collapse ~ 2 days_in_force Z loss ratio
*] ¥ ¥ earned_premium -
; ' . B Expense Ratio Data type 2 paid_claims
Collapse ™~ . . L
(=) AcenTs . (&) risk_cateGoRIES True/false v 2 policy_financial_id
AGENT ID BASE RISK FACTOR policy_id
AGENT_NAME CATEGORY_NAME Format
AGENT_TYPE 1 RISK_CATEGORY_ID policy_status
L COMMISSION_RATE @ UNDERWRITERS RISK_LEVEL True/false NV l [Ec'l Profitable Policy
& HIRE_DATE Collapse ™
AUTHORITY_LIMIT
IS_ACTIVE
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2. written_premium
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| Mantra 360 Context Hub ’
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Sign up for the "Talk to Data” Production Challenge!

Top 5 Business Questions
Week 1

Domain 2 Domain 3

In production Deploy Mantra
in 4 Weeks Week 2-3

Quickly scale in
production across
additional domains

Deliver Insights
Week 4

u
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Al Insights Fabric Self-Service Use-cases

E

===

Al Analyst

Mantra empowers your teams
to instantly build and share

data answers and insights
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£l
Al / Bl + Al Ready Data
Plug your agents into the Al

Insights Fabric to get access
to data and context
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Promethium

Find us at
booth 101

to see live
demos & more

Scan to schedule your
personalized demo
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